We examine the effects of recently adopted state merit-based financial aid programs on college attendance and degree completion. Our primary analysis uses microdata from the 2000 Census and 2001-2010 American Community Survey to estimate the effects of merit programs on educational outcomes for 25 merit aid adopting states. We also utilize administrative data for the University System of Georgia to look more in depth at the effects of the HOPE Scholarship on degree completion in Georgia. We find strong consistent evidence that state merit aid programs have no meaningfully positive effect on college completion. Coefficient estimates for our preferred specifications are small and statistically insignificant. State merit aid programs do not appear to increase the percentage of young people with a college education.
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I. Introduction
College graduation rates have become a national concern and increasing the completion rate is now a national policy target (Resmovits 2012) . The 6-year graduation rate for students seeking a bachelor degree was 58.3 percent for the 2004 freshmen cohort, up from 55.4 percent for the 1996 cohort (National Center for Education Statistics 2012) . 1 The interest in increasing the college completion rate and our lack of understanding of what matters has spurred research that attempts to identify causal factors that drive completion or attrition rates; see Melguizo (2011) for a review of this literature. While we do not fully understand what policies improve the attainment rate (Dynarski 2002) , one factor that has been investigated is financial aid.
Financial aid is expected to increase college completion rates because it lowers the costs of college for students and their families. Financial aid also reduces the need to work while in school, thereby allowing more time for course work, which is expected to increase college performance and perhaps college completion. Goldrick-Rab, Harris, and Trostel (2009) provide an extensive review of the literature of the effects of student aid and note the lack of research that measures causal effects of financial aid.
Increasingly, states have turned to merit-based aid programs, one objective of which is to increase college completion rates. We identified 25 states that implemented a merit-based student aid program between 1991 and 2004 (see Table 1 ), although the characteristics of these programs differ substantially. 2 After reviewing the details of all of these programs, we identified 9 programs as being of relatively more significant as measured by the eligibility criteria, the number of students in the program, and the size of the award.
1 Scott-Clayton (2011) calculates a much smaller graduation rate. 2 There are discrepancies in how various authors classify scholarship programs. We used various sources to develop our list; see the sources listed in Table 1. 2 While merit-based aid could improve college performance, it is not clear whether merit aid will increase the probability of graduating, or graduating within 4 years. For example, Cornwell, Lee, and Mustard (2005) find that HOPE students at the University of Georgia reduced course taking, presumably to be able to spend more time on their courses or to delay losing HOPE. 3 The requirement that a student maintain a minimum college GPA to retain eligibility provides an incentive to meet this performance standard. But that does not necessarily translate into a higher probability of graduating, or graduating within 4 years. Some merit aid programs require students to enroll full time or limit the number of semesters that a student can be eligible. These requirements do provide an incentive to graduate sooner, however they do not provide a direct incentive to actually graduate. While authors such as Titus (2006) find that financial aid positively affects student performance, scholarships provided to high quality meriteligible students may have no marginal effect on their completion rates if they were very likely to graduate anyway. 4 Furthermore, fairly stringent renewal requirements cause many marginal recipients to lose merit scholarships after their first or second year of college, limiting the effects on their graduation rates. Some students may be enticed by a merit scholarship to enroll in college but drop out after losing the scholarship.
Research on the effects of merit-based aid on college completion rates is quite limited.
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The five papers we identified consider merit-based student aid programs in just four states. 3 The eligibility decision is first made after 30 credit hours are completed, so a student could take 29 credit hours during the first two semesters and then another 15 before the GPA is calculated. 4 Merit aid programs have also been found to alter the composition of the student body (Dynarski 2004; and Cornwell, Mustard and Sridhar 2006) . As a result, a merit aid program could increase the graduation rate at in-state institutions if the program attracted additional high quality students who are more likely to graduate, or reduce the graduation rate if marginal (but still merit aid eligible) students enroll in more demanding public colleges. Our interest, however, is in whether merit programs affect the likelihood an individual graduates from college and not in where they graduate from college. 5 There is, however, a more developed literature estimating the effects of state merit aid programs on college enrollment including Dynarski (2000 Dynarski ( , 2004 ; Cornwell et al. (2006) ; Singell, Waddell and Curs (2006) ; Goodman (2008) ; Orsuwan and Heck (2009); Farrell and Kienzl, (2009); Zhang and Ness (2010) ; Winters (2012) ; and Hawley
3
Three of these find positive and statistically significant effects, but the other two do not. Two of the papers rely on 2000 Census data to measure the effect of the merit aid programs in Arkansas and Georgia (Dynarski 2008 and Winters 2012a) and three use state agency data to explore the effects of programs in Georgia (Henry, Rubenstein, and Bugler (HRB) not. HRB and Scott-Clayton find a positive effect while Bruce and Carruthers find no effect.
In this paper we first employ an approach similar to that used by Dynarski (2008) and Sjoquist and Winters (2012a) but consider all 25 states that we identified as having adopted merit-based aid programs between 1991 and 2004. Our second approach uses agency data for
Georgia to revisit HRB's findings and to contrast the results for Georgia with those for West Virginia and Tennessee. Our second approach uses a cohort analysis similar to Scott-Clayton (2011) and Bruce and Carruthers (2011) . Dynarski (2008) treats the adoption of merit aid programs as natural experiments. Her treatment group consists of students who finished high school in Arkansas and Georgia after the programs were adopted, while the comparison group consists of students in states that did not have merit aid programs. Since she does not know who received merit aid, she measures treatment by whether the student would have been exposed to a merit-based aid program while in high school. She uses the 1% PUMS file from the 2000 Census of Population and finds that the merit-based aid programs had a positive and statistically significant effect on college degree completion of about three percentage points. Winters (2012a) revisited Dynarski (2008) . Employing the same procedures as Dynarski but using the 5% PUMS they obtain much and Rork (2012). This literature typically finds a significantly positive effect on the probability of attending college in-state but inconsistent effects on the overall probability of attending college. HOPE recipients were matched with a group of non-HOPE recipients who had the same core course GPA and who made the same initial choice of type of higher education institution (research universities; regional universities; 4-year colleges; 2-year colleges). 6 HRB estimate separate logistic regressions for students at 2-year and 4-year colleges, where the dependent variable is whether the student accumulated sufficient credit hours to graduate between 1995 and fall of 1999. They find that the odds of graduating within four years from a 2-year college is almost twice as high for HOPE recipients, while it is 72 percent greater at 4-year colleges.
Scott-Clayton (2011) uses student-level data to explore the effect of West Virginia's PROMISE program on several academic outcomes, including graduation. Eligibility for the PROMISE program requires a 3.0 high school GPA both overall and for core courses as well as at least a 21 on the ACT (or 1000 on the SAT). Students must maintain a 3.0 GPA in college and take a full course load to remain eligible. She has data on four cohorts of students entering a public college in West Virginia between fall 2000 and fall 2003, and is able to track the students for 5 years post-matriculation. Scott-Clayton uses two empirical approaches, a fuzzy regression discontinuity design using ACT test score as the basis for the discontinuity, and a preand post-PROMISE cohort analysis. For the regression discontinuity design she finds that HOPE had no effect on the probability of graduating within 4 years.
As noted above we utilize two different approaches to examine the effects of state meritbased aid programs on the probability of college completion. Our first approach follows Dynarski (2008) and Sjoquist and Winters (2012a) Survey, which allows us to estimate treatment effects for all 25 states with merit-based aid programs compared to just the two states considered by DSW. However, as noted above, some of these programs are stronger than others, and thus our preferred specification estimates merit effects for the 9 states that we identify as having strong merit aid programs. The longer data series also allows us to examine effects at older ages. Our primary sample examines the effects of state merit programs on education outcomes of persons ages 24-30, although we also consider ages 22-23 in an attempt to measure the effect on the four-year graduation rate. We believe that examining many different treatment states and many different birth cohorts makes our analysis a considerable improvement over DSW. Our approach allows us to estimate merit effects much more precisely than DSW and helps resolve the current uncertainty over the effects of state merit aid programs on educational outcomes. Previewing the results using the Census/ACS we find strong robust evidence that state merit aid programs had no meaningful effect on the higher education outcomes of young people in their states.
Our second approach uses administrative data for the University System of Georgia (USG) similar to data used by HRB and employs a cohort analysis similar to that used by ScottClayton (2011) . We use student records for two pre-and two post-HOPE cohorts of first time USG freshmen to conduct a pre-and post-HOPE cohort analysis. Controlling for sex, race, ethnicity, high school attended and SAT scores, we find no significant difference in degree completion between the pre-and post-HOPE cohorts. Our results using USG data, therefore, reinforce the results using Census/ACS data, but are contrary to the findings of HRB.
We believe our approach is an improvement over HRB's. While HOPE recipients in HRB have an overall GPA close to 3.0, HRB do not observe the overall GPA for non-recipients and do not know how close their overall GPAs are to 3.0. While HRB argue that having equal core GPAs makes the students of similar quality, in fact the mean SAT score for non-recipients is 47 points lower, and half of non-recipients are required to take remedial course work but only 34 percent of recipients are. This suggests that the two groups have different academic ability.
II. Empirical Framework for Census/ACS Analysis
Data
We first use public use microdata samples ( one percent sample of the U.S. population. We use Census provided weights in our analysis, so that each year is given roughly equal weight.
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Our primary interest is in the effects of merit programs on college degree completion.
However, we also consider the effect of merit programs on the likelihood of completing any college. Merit programs could have short run timing effects by encouraging some people to enroll at younger ages who would have eventually matriculated later, but our analysis measures longer run effects. Our second education outcome is whether an individual has completed any college degree including an associate's degree or higher. However, there is a considerable difference in both the private and social benefits between completing an associate's degree and completing a bachelor's degree or higher. Thus, our third outcome is whether an individual has completed a bachelor's degree or higher. One might also be interested in whether state merit aid programs affected completion of post-baccalaureate degrees. In results not shown, we do consider the effects of merit programs on graduate degrees and find small insignificant effects.
However, since merit programs cannot be used for graduate education we do not focus on advanced degrees.
The PUMS also include information on an individual's age, sex, race, Hispanic origin, and state of birth; we use these in our analysis. For our baseline analysis we restrict the sample to persons between the ages of 24 and 30. We exclude persons below age 24 because we are primarily interested in longer run effects of merit programs on college attendance and completion and not on whether merit programs altered the timing of these outcomes. The upper age cutoff is more arbitrary but was chosen in part because only a few states adopted programs early enough that persons exposed to a merit program were older than age 30 during our sample 9 period. The results are robust to varying the upper and lower age cutoffs, suggesting that meritbased aid programs did not alter the timing of degree completion. We also exclude from the sample individuals with imputed information for age, education or state of birth, but results are robust to including these individuals.
Similarly to Dynarski (2008) we also collect information on a few state level variables intended to control for macroeconomic conditions in an individual's state of birth for the year the individual was 18 years of age. First, previous researchers have found that larger cohorts of college age persons in a state have lower college enrollment and degree completion rates, likely because states face some supply constraints in providing higher education (Card and Lemieux 2000; Bound and Turner 2007) . We obtain data from the U.S. Census Bureau on the number of 18 year olds in the state in a given year (measured for July) and convert to logs and use this to control for cohort size in a state and year. The unemployment rate might also affect an individual's decision to attend college because a more difficult job market can reduce a young person's opportunity cost of attending college and make them more likely to enroll. We collect state by year unemployment rates from the Bureau of Labor Statistics (BLS) and include this as another control variable. We also control for median household income and the college wage premium in the individual's state of birth the year the individual was 18 years old, both computed using the March Current Population Survey (CPS). Greater household income suggests greater parental resources that make college more attainable for marginal students. The college wage premium is computed as the logarithmic difference in annual wage and salary income between persons with only a bachelor's degree and persons with only a high school diploma, using linear regression to control for age, sex, race, and Hispanic origin; the college wage premium CPS sample is also restricted to paid employees ages 25-54 who work at least 35 10 hours per week and 35 weeks during the year. The college wage premium signals to young people the potential benefits of attending college with a higher wage premium making college more appealing.
Research Design
We follow a treatment and control research design. The treatment group consists of individuals who were exposed to a broad-based state merit aid program when they graduated high school and the control group consists of individuals who were not. Unfortunately, we do not know when and where individuals graduated high school. We follow previous literature (e.g. Dynarski 2008 , Hickman 2009 ) and assign individuals to the merit program treatment group based on state of birth and year of birth, where year of birth is computed as the year of the survey minus age at the time of the survey. If an individual was born in a state that adopted a merit program and turned 18 after the program was implemented, they are assigned to the treatment group; if not they are part of the control group. The control group, therefore, includes both individuals born in states that never adopted merit programs and individuals born in meritadopting states but turning 18 before the program was implemented. Because some individuals attend high school outside their state of birth and some do not graduate high school at age 18, our treatment assignment will have some degree of measurement error. We take up the issue of measurement error in more detail later. (2010) so we only discuss a few important changes. The Georgia HOPE scholarship was initially only available to students with a family income below $66,000 per year but the income limit was increased to $100,000 in 1994 and eliminated in 1995. HOPE eligibility was initially based on a student's overall high school GPA but in Fall 2000 Georgia switched to a more stringent core course GPA that excluded electives and reduced the percentage of students eligible for HOPE. The program also initially required students to complete the FAFSA and the amount of the HOPE scholarship was 12 reduced by any Pell Grant award. However, the Pell offset was eliminated in 2000 allowing eligible students to receive both a Pell Grant and a full HOPE Scholarship. Over time other changes were made as well, including allowing students to regain HOPE after previously losing it, allowing home schooled students to be eligible, increasing the value of the award at Georgia private schools, and setting a cap on the total credit hours for which HOPE would pay.
Instead of trying to isolate the effects of specific merit program characteristics we adopt a much simpler approach that uses a dummy variable equal to one if an individual was exposed to a merit program. However, we recognize that some of these state programs are relatively small
and not likely to have a sizable impact on education outcomes. Based on program characteristics we identify nine states that adopted "strong" merit programs: Florida, Georgia, Kentucky, Louisiana, Nevada, New Mexico, South Carolina, Tennessee, and West Virginia. The other 16
states are considered to have "weak" programs. The nine strong states are defined as such because they have large broad-based programs that provide relatively large awards. Most of the other merit states have relatively strict criteria that limit eligibility to either the very best students or students with relatively low income. Two of the 16 states, Michigan and Mississippi, also have broad-based programs but are excluded from the group of "strong" states because they offer relatively small awards to most students. 11 Michigan's program which was discontinued after 2008 provided a one-time award of $2500 and the Mississippi TAG program offered only $500
for the first two years of college and $1000 for the third and fourth years. The "strong" programs provide scholarships large enough to cover full tuition or nearly full tuition at public Table 2 separately for strong merit, weak merit, and non-merit birth states. The strong merit birth states have much lower educational outcomes than both the weak merit and non-merit states. There are also meaningful differences in some of the explanatory variables, so these maybe important factors. We consider the effects of excluding and progressively including the individual and state characteristics.
Because we use individual level data and the ‫ݐ݅ݎ݁ܯ‬ variable is defined based on state and year of birth, OLS standard errors should not be used because they do not account for intracluster correlation (Bertrand, Duflo, and Mullainathan 2004; Donald and Lang 2007; Cameron, Gelbach and Miller 2008) . Instead, we report both standard errors clustered by state of birth and 95% confidence intervals based on procedures suggested by Conley and Taber (2011) . Clustered standard errors are typically preferred to OLS standard errors but Conley and Taber (2011) show that clustered standard errors can be downwardly biased when the number of policy changes is small. They suggest a confidence interval procedure based on the distribution of residuals across the control states and show that their procedure outperforms conventional clustered standard errors when there are a small number of treatment groups and does no worse more generally.
Our preferred specification includes 9 states with policy changes, so we report both clustered standard errors and Conley-Taber confidence intervals. The results in Table 3 tell a consistent story. The coefficient estimates are small and close to zero for every regression; 11 of the 12 coefficients are negative and only one is positive, but the magnitudes are all less than one percentage point. Adding the additional controls increases the coefficient estimates relative to column 1 but only slightly. Furthermore, all of the coefficient estimates are statistically insignificant using both clustered standard errors and Conley-Taber 95% Confidence Intervals. The confidence intervals are also fairly narrow and allow us to reject hypotheses of large effects. These results, therefore, suggest that state meritbased financial aid programs had no meaningful effect on college attendance or degree completion. Table 4 replicates the third column of Table 3 , our preferred specification. The second column of Table 4 includes weak merit states in the analysis and includes individuals exposed to weak merit programs as part of the treatment group.
III. Empirical Results for Census/ACS Analysis
Basic Results
Different Definitions of Treatment and Control Groups
The third column of Table 4 includes all persons born in weak merit states as part of the control group. One might be concerned that the non-merit states are somehow different from merit states and make a poor control group. To address such concerns, the control group for the fourth and fifth columns of Table 4 only includes persons born in merit states but who are too old to have been exposed to a merit program in their state of birth. The fourth column limits the sample to persons born in strong merit states. The fifth column limits the sample to persons born in strong or weak merit states and includes persons exposed to weak merit programs in the treatment group. However, having no states without policy changes in the control group prevents us from estimating Conley-Taber confidence intervals for the last two columns.
The results in Table 4 are quite consistent as well. The coefficient estimates in columns 2 and 3 are slightly larger than in column 1 but still negative for five of the six regressions and in no case statistically significant. The coefficient estimates in the fourth and fifth columns are also small and statistically insignificant for five of the six regressions. The exception is for bachelor's degrees or higher in the fourth column, which has a coefficient of -0.0058 and is significant at the ten percent level based on standard errors clustered by state of birth. However, this magnitude is relatively small and having only nine states suggests clustered standard errors are likely to be downwardly biased, so we do not interpret this as convincing evidence of a significant negative effect. Table 4 as a whole provides consistent and convincing evidence that merit programs had no meaningfully positive effects on college attainment. Table 5 excludes these "marginal" birth cohorts from the analysis to reduce measurement error. The coefficient estimates are now slightly more negative than the preferred specification in Table 3 column 3, but the difference is slight. The coefficient for bachelor's degrees or above is significant based on clustered standard errors but not significant using Conley-Taber 95% confidence intervals.
Accounting for Measurement Error in Treatment Status
We next account for measurement error in treatment assignment due to persons attending high school outside their state of birth. compute the probability that an individual was exposed to a merit program. 14 We then replace the merit dummy in our education outcomes LPM models with the probabilistic merit variable.
Results are reported in column 2 of Table 5 and are very similar to those for the preferred specification. The coefficient estimates are small, negative, and statistically insignificant.
The third column of Table 5 combines the procedures in the first two columns to account for measurement error in treatment due to both state and year of birth. The results tell a familiar story. The coefficients are small, negative, and insignificant. Thus accounting for measurement error in treatment status does not change the basic results. There is no evidence of a meaningful positive effect of state merit aid programs on college attendance or degree completion. Table 6 presents results for merit program effects by sex and race/ethnicity. The first two columns reports results for white non-Hispanic males and white non-Hispanic females. The third and fourth columns report results for non-white or Hispanic males and non-white or Hispanic females. The coefficient estimates are typically small and negative and are in no case statistically significant based on Conley-Taber confidence intervals. It is worth noting that the coefficient for college attendance for non-white or Hispanic males is -0.0199 which is the largest coefficient in absolute value seen thus far. However, as seen by the Conley-Taber confidence intervals, restricting the analysis to this group produces fairly noisy estimates. The results in Table 6 suggest that there is no meaningful positive effect of state merit aid programs on college attainment for demographic subgroups.
Effects by Sex and Race/Ethnicity
Effects by Age
We next examine merit effects on college attainment by age for persons between ages 22
and 31. Results are reported in Most of the coefficients in Table 7 are small and statistically insignificant but there are a few exceptions. First, the associate's degree or higher coefficient for 22 year olds is -0.0182 and is statistically significant according to Conley-Taber 95% confidence intervals. However, for 24 year olds we observe the exact opposite result; the coefficient for associate's or higher is significantly positive and of the same magnitude. The only other individually significant result based on Conley-Taber confidence intervals is the coefficient of -0.0291 for any college for age 26. Considering that Table 7 estimates 30 regressions it is not surprising to observe individually significant effects for a few of them. However, the results in Table 7 do not suggest consistent effects by age. They also do not suggest that there were any merit-induced timing effects in college attainment. 
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Effects by Birth State
IV. Empirical Framework for University System of Georgia Analysis
We next explore the effects of the Georgia HOPE Scholarship on educational outcomes using administrative data for the University System of Georgia (USG). The USG is a statewide higher education system that includes a total of 35 two-and four-year colleges and universities in Georgia. In 1990 the USG made up 72 percent of total undergraduate enrollment in the state (NCES 1995) . We obtained individual student data for four cohorts of first-time freshmen from the USG Board of Regents. 15 The data include all Georgia residents who graduated high school in Georgia in 1990 Georgia in , 1991 Georgia in , 1995 Georgia in and 1996 and matriculated in the USG in the summer or fall immediately after high school. Data were obtained for the 1995 and 1996 cohorts instead of the 1993 and 1994 cohorts because these first two post-HOPE cohorts were initially subject to an income cap for eligibility. The 1992 cohort was not included because of concerns that some students could have anticipated HOPE and changed their behavior in anticipation.
We examine the effects of the HOPE Scholarship on degree completion in the USG using a cohort analysis. We consider two main outcomes: 1) completion of an associate's or bachelor's degree and 2) completion of a bachelor's degree. We look at differences in these outcomes between the pre-and post-HOPE cohorts after four, five, six, and twelve years after graduating high school and enrolling in the USG. In addition to information on associate's and 22 bachelor's degrees awarded, the USG data also include sex, race, Hispanic origin, high school attended, SAT score, and core course high school GPA. Since previous literature suggests that HOPE caused average student quality in the USG to increase, we will control for this when making before and after HOPE comparisons. The linear probability model is as follows:
Where ܺ includes dummy variables for sex, race, Hispanic origin, high school attended, SAT score, and high school GPA, ‫ܧܱܲܪݐݏܲ‬ is a dummy equal to one for the 1995-96 cohorts and zero for the 1990-91 cohorts. 16 Therefore, ߠ measures the effect of the HOPE program on degree completion in the USG holding student quality and demographics constant.
Note that the ‫ܧܱܲܪݐݏܲ‬ dummy equals one for all students in the post-HOPE cohort and not just students who received the HOPE Scholarship. We do not have the HOPE GPA needed to determine if pre-HOPE students would have qualified for HOPE had it existed. Henry, Rubenstein, and Bugler (2004) limit their analysis to post-HOPE students and estimate the effects of actual HOPE receipt on four-year degree completion based on differences between students with similar core GPAs but different HOPE GPAs. However, even controlling for core GPA, post-HOPE students who qualify for HOPE are likely higher quality and more motivated than those who do not. For example, marginal students with more to gain from receiving a HOPE Scholarship are more likely to take actions to gain eligibility such as taking more electives courses to boost their GPA above a 3.0. Less motivated students are less likely to take such actions to earn a HOPE Scholarship but are also less likely to take the necessary actions to succeed in college. Sjoquist and Winters (2012b) argue that HOPE caused high school grade inflation for post-HOPE cohorts in Georgia. Inflated high school GPAs for post-HOPE students mean that one should be very cautious in interpreting results that control for high school GPA because looking at students with the same GPA compares lower quality post-HOPE students to higher quality pre-HOPE students. Since student quality is strongly positively correlated with degree completion, grade inflation will create a negative bias in ߠ when controlling for high school GPA. Our preferred estimates, therefore, do not control for high school GPA, but we also report results that do. SAT score increases represent actual increases in student quality and should be controlled for, so our preferred specification is the third column that includes all of the controls except for high school GPA.
V. Empirical Results for University System of Georgia Analysis
The results with no controls in the first column suggest a relatively small increase in degree completion in Panel A but a larger increase in Panel B for bachelor's degrees. The effects for bachelor's degrees are statistically significant for four, five, six, and twelve years after starting college based on standard errors clustered by year and the magnitudes increase slightly over time. However, there are only four cohorts so clustered standard errors should be interpreted with caution. The Conley-Taber procedure is not feasible since we have administrative data for only one state. Adding dummies for sex, race, Hispanic origin and high 24 school attended in the second column increases the coefficients slightly. However, controlling for student quality by adding the SAT score dummies in the third column reduces the coefficient estimates to roughly zero and makes them statistically insignificant. Adding high school GPA dummies in the fourth column causes the coefficient estimates to be negative and significant, which likely results from the negative bias created by post-HOPE grade inflation. The results for the preferred specification in column 3 suggest that controlling for changes in student quality using SAT scores HOPE had no meaningful effect on degree completion rates in the USG.
These results reinforce our findings using the Census/ACS data.
VI. Conclusion
Increasing the percentage of young people with a college education is an important goal for society but there is little consensus on how that can be best achieved. Providing financial aid, both need-based and merit-based, is often advocated as a useful policy tool. We examine the effects of recently adopted state merit-based financial aid programs on college attendance and degree completion. The small literature that exists has only looked at one or two states at a time and has provided mixed results. Our main analysis utilizes public use microdata samples from the 2000 Census and 2001-2010 American Community Survey (ACS) which allows us to estimate the effects of merit programs on educational outcomes for nine states with strong merit programs and 16 other states with weaker merit programs. We also utilize administrative student records for the University System of Georgia (USG) to take a more in depth look at the effects of the HOPE Scholarship on degree completion in Georgia.
We find strong consistent evidence that state merit aid programs had no meaningfully positive effect on college attendance or degree completion. The coefficient estimates for our preferred Census/ACS specification are small, negative, and statistically insignificant. We also consider a number of different robustness checks including varying the states included in the analysis and estimating separate merit effects for each of the 25 merit states. Coefficient estimates for the robustness checks are typically small and statistically insignificant, and more frequently negative than positive. Our preferred specification for the USG analysis also yields small and insignificant effects of the HOPE Scholarship on degree completion. While state merit aid programs may produce other benefits for their states, they do not appear to be effective at increasing the percentage of young people with a college education.
Scott-Clayton (2011) argues that her results for West Virginia are driven by the requirement that to retain eligibility students must be enrolled full time. We use the Census/ACS data to explore this using a dummy variable equal to one if the state had such a requirement and found no effect. For the individual state regressions (Table 8) we do find that the merit dummy coefficients for West Virginia are positive for the degree completion regressions, but they are not statistically significant. For the other two states with strong merit aid programs that have a similar enrollment requirement (New Mexico and South Carolina), the coefficients on merit aid are negative and insignificant. Thus, we find no evidence that a full load requirement has an effect on college completion. Conley-Taber 95% confidence intervals are in brackets. Column (1) excludes from the sample persons who were age 18 in the year of or year before the merit program was implemented in their birth state. Column (2) measures merit exposure by the predicted probability of going to high school in a merit state based on state of birth. See text for further details. *Significant at 10% based on standard errors clustered by state of birth. Standard errors in parentheses are clustered by high school graduation year. *Significant at 10% based on small sample t-distribution; **Significant at 5%; ***Significant at 1%.
